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Associate Prof:ssor, , o ® Deep learning model results are similar to Combustion reaction calculation results and characteristics of diesel vehicles (Cl engine, EGR) are shown.
Department ot Automotive Engineering, ® The deep learning models conducted with each vehicle data have high accuracy than that conducted with diesel, gasoline and hybrid vehicle data at

@Korea National University of Transportation(KNUT) once.

€ Although the deep learning model has lower accuracy than combustion reaction calculation for time-series data, it has a similar level of high accuracy

for one RDE.
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